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Patent Inventor Recommendation Method Based on Topic Discovery

Li Nan, Du Yongping, He Ming

(College Of Computer Science And Technology, Beijing University Of Technology, Beijing, 100124)

Abstract: LDA model can be used for identifying topic information from large-scale document set. We propose
the approach to build the inventor topic model based on LDA, which divides patent data based on inventor
and represents each inventor with the ownedpatents. The standard three layers of document-topic-word in
LDA(Latent Dirichlet Allocation) model becometheinventor topic model of inventor-topic-word. The topics
of the inventor are discovered and recommendation is implementbased on thesimilarity of topic distribution.
Experiment on real data set shows that the new approach has a better performance compared to the traditional

Vector Space Model method and Hidden Markov Model method.
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